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Abstract: Multi-environment trial studies provide an opportunity for the detailed analysis of complex
traits. However, conducting trials across a large number of regions can be costly and labor intensive.
The Australian National Variety Trials (NVT) provide grain yield and protein content (GPC) data
of over 200 wheat varieties in many and varied environments across the Australian wheat-belt and
is representative of similar trials conducted in other countries. Through our analysis of the NVT
dataset, we highlight the advantages and limitations in using these data to explore the relationship
between grain yield and GPC in the low yielding environments of Australia. Eight environment types
(ETs), categorized in a previous study based on the time and intensity of drought stress, were used to
analyze the impact of drought on the relationship between grain yield and protein content. The study
illustrates the value of comprehensive multi-environment analysis to explore the complex relationship
between yield and GPC, and to identify the most appropriate environments to select for a favorable
relationship. However, the NVT trial design does not follow the rigor associated with a normal
genotype × environment study and this limits the accuracy of the interpretation.
Keywords: National Variety Trials; grain protein content; multi-environment; grain yield; high and
low protein wheat; environment type; grain protein deviation
1. Introduction
Wheat is a major source of protein in the human diet and, along with rice, the most important crop
product for carbohydrate [1,2]. Meeting the food demands of an estimated 9 billion people in 2050 [3,4]
requires about 70% increased production over the next 30 years [5,6]. Through advances in agronomic
practices and breeding, wheat yields have increased spectacularly over the past few decades [2,4,5].
Many of the major traits, such as yield and GPC, targeted for improvement in breeding programs
and of prime importance to farmers, are under complex genetic control and strongly influenced
by the production environment. For both wheat breeders and farmers, the relationship between
yield and GPC is important. Consequently, many countries run extensive varietal trials to provide
information for farmers on performance of varieties under their likely production conditions and for
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breeders to assess the advances they have achieved through breeding and selection. The variety trials
also provide a potentially valuable resource for researchers to understand the basis of genotype ×
environment relationships.
Concurrently, grain protein content (GPC), a key attribute for end use quality with high nutritional
value and an important marketing factor for wheat, will also have to be maintained [7–9]. For example,
in Australia, GPC is used in determining the value of the wheat crop to farmers [10]. However, there is
an unfavorable relationship between grain yield and GPC with increased yield frequently associated
with a decline in GPC and this presents a significant challenge to breeders [9,11,12]. A study on winter
wheat in Germany showed that good progress in raising grain yield was associated with a considerable
loss in GPC over the last 32 years [9]. Consequently, wheat germplasm is often divided into high
yielding or high quality varieties, as defined by high GPC% [13]. To simultaneously improve both grain
yield and GPC, grain protein deviation (GPD) has been suggested as a useful selection target [14,15].
Grain protein deviation measures the grain yield/GPC trade-off by compensating for GPC dilution
when selecting for higher yield potential [16]. Grain yield and GPC in wheat have low heritability
since they are highly sensitive to environmental variations and under complex genetic control [9,17].
Therefore, despite evidence for the genetic origin of the negative relationship between grain yield and
GPC in wheat [9,18], its expression can be highly influenced by the environment [11,19]. A previous
study using six Southern and Western Australian sites showed that the inverse relationship between
grain yield and GPC varied across different regions [20]. Therefore, multi-environment trial studies can
provide an opportunity for the simultaneous selection of both grain yield and GPC [11,19,20]. However,
conducting trials across a large number of regions can be costly and labor intensive. In this context,
Australian National Variety Trials (NVT) funded by Australian Grains Research and Development
Corporation (GRDC) provide a useful source of multi-environment data. The NVT system provides
information to growers through the NVT website (https://www.nvtonline.com.au/) to assist with
decisions about suitable varieties for particular regions in Australia. NVT data has been used in
previous studies to examine the relationship between grain yield and GPC in some hard wheats [21,22].
The NVT system in Australia is similar to varietal trials conducted in many other countries and regions,
such as the UK (https://ahdb.org.uk), Germany (https://www.bundessortenamt.de), and Kentucky,
USA (http://www.uky.edu/Ag/wheatvarietytest/).
NVT are designed to provide unbiased information on the performance of varieties across different
Australian regions [23]. Deploying small plots in NVT trials minimizes the large-scale field variation
effects. Accordingly, a combination of the small plot trials with modern statistical methods have
provided an accurate way to evaluate the performance of varieties [24]. The rationale for all NVT
trials is to achieve the best performance of varieties within the constraints of water-limited yield
potential under management regimes suited to the trial region. In NVT trials, optimal fertilizer rates
are usually applied to prevent the nutrition limitation [24] along with other appropriate agronomic
practices. Environmental categorization of NVT sites adds the option of characterization of genotype
and environment interactions [25] and comparison of biotic and abiotic stresses [26,27]. The majority
of the Australian wheat-belt area suffers from drought conditions [28]. Drought stress may reduce
the production of wheat up to 50% depending on its severity and duration [29]. It has been shown
that grain yield reductions due to drought can increase the GPC in wheat [30–32]. Based on the time
and intensity of drought stress, Chenu and Deihimfard [28] categorized different drought patterns
across the Australian wheat-belt into four major environment types (ETs). Accordingly, ET1 represents
a stress-free or short-term water deficit. ET2 shows a mild water shortage mainly during grain filling
that terminates by maturity. In ET3 water stress is severe at the vegetative stage but is usually over by
mid-grain filling. In ET4, water deficit begins from the early stage onwards, and becomes severe during
grain-set and grain filling [28]. All of the four ETs can be seen across most the Australian wheat-belt.
However, the frequency of occurrence for each ET varies between different regions. In this study,
11 years of NVT dataset were categorized based on their most frequent ETs. Through the use of the NVT
data, we have sought to highlight the advantages and limitations of using a large multi-environment
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datasets. We present a case study of applying the NVT data to explore the negative grain yield–GPC
relationship across diverse environments. If there is variation associated with the environmental
conditions, and under what conditions should breeders screen high yielding germplasms for high GPC?
Our previous study in a controlled environment indicated a stronger inverse relationship between grain
yield and GPC under low nitrogen (N) treatment in selected wheat varieties [33]. Since N deficiency
can be associated with water availability [34,35], it is worthwhile to search the effect of ETs on the
grain yield–GPC relationship. The goals of this study were: (1) assess the potential of using NVT
data for large-scale multi-environment analysis and (2) to see if GPC is a stable trait across different
environments. The lessons learned here, should be applicable to other varietal evaluation datasets and
could be used to address some of the limitations in the current design of varietal trials.
2. Materials and Methods
2.1. General NVT Protocols
Trials analyzed in this study were organized and managed under the GRDC NVT program
between 2008 and 2018 for 215 wheat (Triticum aestivum L.) varieties in 206 sites across the Australian
wheat-belt and Tasmania (Supplementary Figure S1). At some sites, a year could include up to three
seasons described as early, main or late seasons. However, only 2% of the entire data set are obtained
from long seasons. There is 79% and 18% of the data from main and early seasons, respectively. Based
on the popularity of varieties with growers in each region, newly released varieties could remain for
up to 5 years in an NVT system. Subsequently, varieties that represent less than 3% of the annual yield
are withdrawn from the NVT list. NVT breeding materials comprise varieties prior to their commercial
release and released varieties. Commercial varieties that are widely grown in a region, e.g., Mace in
South and Western Australia, are used as benchmark varieties [23].
Selection and management of NVT sites are determined by standard, outcome-based protocols.
However, additional fertilizer and pesticides are applied when required [23]. In this context, fertilizer
rates applied for NVT trials are often higher than the commercial rates in the region [24]. All NVT
trials are designed with three replicates but only grain yield is obtained from the individual plot.
Due to its high cost, GPC is assessed by using composite samples. In this method, equal weight grain
samples collected from each replicate are physically mixed to form a homogenous composite unit.
GPC measurements are made on the subsample, with an appropriate size, of each of these composite
units [36].
2.2. Multi-Environmental Analysis and Graph Depiction
Chenu, Deihimfard [28] characterized 60 sites by simulated water-stress index obtained from
their climate and the typical soil of their region (Supplementary Table S1). Simulated water-stress
index corresponds to the ratio of soil water supply to crop water demand, and reflects how the crops
experience the stress [28,37,38]. In the mentioned study, they performed a set of simulations for a
medium maturing variety, Hartog, based on 123 years of historical climate data obtained from 22 regions
across the Australian wheat-belt (Supplementary Figures S2 and S3). The 22 regions represent the
major production areas in the Australian wheat cropping system. Data shown in Supplementary Table
S1 are mostly obtained from Ababaei and Chenu [39] simulations on Janz variety.
Among the 206 NVT sites examined in this research, 46 sites were identical with the locations in
Chenu, Deihimfard [28] study. The location of other NVT sites were individually checked to determine
their regions and ETs. Except for Tasmania, all mainland NVT sites were located in the recognized
22 regions [39].
Categorizing NVT data based on ETs requires additional information, such as cumulative rainfall
and soil type, for all 206 individual sites over 11 years. Furthermore, some sites could cover multiple
seasons in one year due to differences in sowing date. Consequently, in this study, individual sites were
categorized based on the most frequent ETs in their regions (Supplementary Information). This can
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be an efficient and quick method to provide an overview of the long-term drought stress conditions
across the Australian wheat-belt. NVT datasets are available for a range of consecutive years in similar
locations. Therefore, the average long-term results for yield and GPC could be more influenced by the
dominant ETs compared to other ETs in each region. Accordingly, NVT sites, except for Tasmanian
sites, were categorized based on their dominant ETs in each region. In this research, the number of sites
for each of 22 regions ranged from 4 to 32, while they were between 1 and 8 in Chenu, Deihimfard [28]
study. The map of frequencies of each ET across the Australian wheat-belt [28] were used to categorize
different regions (Supplementary Figure S4).
Grain yield and GPC between different ETs were compared based on their average and median
values. p-Values and statistical tests were not conducted due to potential limitations with the analysis
of NVT dataset. These limitations are explained in the discussion section. Correlations between grain
yield and GPC were assessed using Pearson’s correlation coefficient. The slope of grain yield–GPC
relationship was measured for each ET by averaging the grain yield–GPC slope from individual sites
in each year. GPD was calculated for individual sites in each year as the residual from the regression
line of grain yield–GPC relationship [14]. All the analyses and the graphics were performed using R
v3.5.1 [40].
3. Results
Based on the map of the frequencies of each ET across the Australian wheat-belt [28], there were
two dominant ETs in some areas (Supplementary Figure S4). Such regions were categorized as separate
ETs since they lie in between of the two ETs. For instance, regions with dominant ET1 and ET2 were
named with ET1/2. Accordingly, there were eight ETs for NVT data in this study: ET0, ET1, ET1/2, ET2,
ET2/3, ET3, ET3/4, and ET4. In this context, ET1/2, ET2, and ET2/3 covered respectively, 20%, 26%, and
24% of the entire NVT data set (Table 1).
Chenu and Deihimfard [28] did not include Tasmania in their study. However, there were NVT
sites near Launceston where the average rainfall was ~600 mm per year [41]. Accordingly, the datasets
of these sites located in the high rainfall zones (HRZ) of Tasmania were categorized as ET0 in this study.
Average grain yield for the different environments ranged from 9.2 t/ha for ET0 down to 1.6 t/ha for
ET4 (Figure 1A).
Table 1. General information about National Variety Trials (NVT) dataset. The average number of
varieties per site, number of years, total number of sites during consecutive years, and total number of
data in individual environment types (ETs).
Environment Type ET0 ET1 ET1/2 ET2 ET2/3 ET3 ET3/4 ET4
Average no. of varieties per site 20 32 41 43 40 43 38 28
No. of years 7 11 11 11 11 11 11 11
No. of sites × year 7 132 254 321 317 85 193 29
Total no. of variety × site × year × season 140 4263 10,347 13,766 12,597 3666 7237 805
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Figure 1. Grain yield (A) and grain protein content (B) of all 215 varieties in the NVT dataset. Total
numbers of variety × site × year × season were 52,822 collected from 206 sites. Name of varieties
is listed in Supplementary Data S1. Boxes refer to the 25th (first quartile), 50th (median), and 75th
(third quartile) percentile of data.
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The decline in in-season rainfall from ET0 to ET4 corresponds to the declining average yield
(Figure 1A and Supplementary Table S1) with ET1 being an exception, most probably associated with
the low soil fertility and short season in the ET1 environments of Western Australia [42–44]. After the
HRZ of Tasmania (ET0), areas with dominant ET1/2 produced the highest grain yield compared to
other ETs (Figure 1A). ET1/2 dominant regions are located in the HRZ of South Australia, Victoria and
New South Wales, whereas ET1 areas are in the HRZ of Western Australia. ET1/2 and ET1 regions
produced 4.4 and 3.3 t/ha, respectively. There were data available for most ETs during all 11 years
except for ET0 where only 7 years of NVT trials were available.
GPC average appeared to increase from ET0 to ET3, and then decline towards ET4 (Figure 1B).
The GPC mean of ET0, ET3 and ET4 were 11.1%, 13.1%, and 11.8%, respectively. This variation may
not be entirely due to environmental effects since the variety lists did vary between different ETs.
There were inverse relationships between grain yield and GPC when the entire NVT dataset was
plotted (Figure 2A) and this trend could also be seen for the individual ETs (Figure 2B–I).
The negative relationship between grain yield and GPC is apparent but there is a very wide spread
of results, indicating the complexity of the relationship and the influence of diverse environmental
factors on the yield and GPC (Figure 2A). By plotting the data for each environment type separately,
more clarity in the trends emerged (Figure 2B–I). The regression line for the grain yield–GPC relationship
of each ET was steepest in ET4 (Figure 2B), but close to horizontal in ET0 (Figure 2I). However, the high
variation within ETs counteracted this clarity of trends, particularly, for the ETs between ET0 and ET4
(Figure 2C–H). Therefore, the slope values of the grain yield–GPC relationship were calculated for
individual sites in each year to reduce the variation between sites within ETs (Table 2). This slope
increased from −0.45 in ET0 to −1.63 in ET4 (Table 2) indicating that the strength of the negative yield
and GPC relationship is associated with the severity of drought stress.
Table 2. Average grain yield (GY), grain protein content (GPC), and the slope of the GY–GPC
relationship in individual environment types (ETs). Slope, average GY and average GPC were obtained
from individual sites in each year and have been averaged. SE: standard errors.
Environment Type ET0 ET1 ET1/2 ET2 ET2/3 ET3 ET3/4 ET4
Average GPC (%) 11.2 11.6 11.6 11.9 12.1 13.1 12.2 11.8
Average GY (t/ha) 9.2 3.3 4.3 3.1 2.9 3.2 2.6 1.6
Average slope of GY-GPC
relationship −0.45 −1.19 −0.93 −1.27 −1.43 −1.35 −1.44 −1.63
SE of GPC 0.5 0.1 0.1 0.1 0.1 0.2 0.1 0.2
SE of GY 0.6 0.1 0.1 0.1 0.1 0.1 0.1 0.1
Range of Average GPC (%) 7 10.37 12.2 13.8 13.2 10.56 12.8 7.8
Range of Average GY (t/ha) 7.85 6.71 10.46 11.34 8.17 6.93 6.67 3.05
An even clearer relationship can be seen between the steepness of the grain yield–GPC slope and
the average yield in each ET (Table 2 and Figure 3).
The variation in GPC across the range of different yielding environments was high. For example,
GPC varied from 8.9% to 18.3% at sites where the average grain yield was around 2 t/ha (Figure 2A).
This high GPC variation was also observed in individual ETs (Figure 2B–I).
The nature of variation in GPC was explored by examining the performance of individual varieties
within the large NVT dataset. For this purpose, six varieties were selected based on their average GPC
and their inclusion is a large number of trials at diverse sites (Figure 4).
Despite the large variation in the GPC of individual varieties (Figure 4), the median GPC of Spitfire
was high, particularly, compared to QAL2000 and Gazelle (Figure 4A). Under similar dominant ETs
(Figure 4C), the first and third quartile of the GPC varied between 11.5% and 14.8% in Spitfire, and
9.7% and 12% in QAL2000. Differences between low and high GPC varieties were even more evident
with GPD values. Accordingly, the first and third quartiles of GPD was 0.3 and 1.2 in Spitfire, and −1.6
and −0.7 in QAL2000 (Figure 4D). In the entire NVT dataset from all ETs, Gazelle showed the lowest
median GPD among the selected varieties (Figure 4B).
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Figure 3. Relationship between the average grain yield (GY) in different environmental types (ETs),
and the slope of the relationship between grain yield and grain protein content. Slope, average grain
yield and average grain protein content were obtained from individual sites in each year and have been
averaged. Error bars indicate the standard errors. R2 represents the correlation coefficient.
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Figure 4. Grain protein content (A,C) and grain protein deviation (B,D) of 179 varieties in 206 sites,
and 6 varieties in 168 sites from 2008 to 2018. ETs common between 6 varieties in (C,D) are ET1/2, ET2,
ET2/3, and ET3/4. Grain protein deviation of each variety is calculated separately for each site, season,
and year. The number of available trial data for each variety in (A,C) ranged from 50 to 896. The data
available for the six selected varieties in (C,D) were: Spitfire: 366, Mace: 823, Gregory: 680, Impala:
429, QAL2000: 305 and G zell : 371. Boxes refer to the 25th (first quartile), 50 h (median), and 75th
(third quartile) percentile of data. (A,B) are obtained and modified rom Supplementary Figure S2
of Rahi i Eichi et al., 2019.
For the six selected varieties, the relationship between grain yield and GPC was plotted (Figure 5).
All varieties showed a similar negative correlation between grain yield and GPC although they
showed a large variation in GPC. There is also large variation in GPC across the yield spectrum which
reflects the complexity of the influences of wheat production environments on GPC (Figure 5A–F and
Supplementary Data S2).
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4. Discussion
In this study, we have made use of a large, publicly available field trial dataset, to explore the
relations ip between stress, yiel and grain prot in content for wheat pro uction in Australia. The NVT
tri l scheme in Australia i similar to varietal evaluation schemes operating in many countr es and
regions. These trials provide a potentially luab e resource for r searchers si ce they cover a large
number f trials and production environments. However, the trials a primarily designed to allow
g owers and agricultural agencies t compare th performance of different varieties n th ir regions.
Consequently, the trial design does ot necessarily r flect the rigor ormally deployed in a scientific
experiment and this can present issues with the analysi of trial data. Th ough our analysis of the NVT
dataset, we have sought to highlight the advantages and problems in using l rge varietal trials.
In order to und rtake this analys s, we neede to associ te the 206 field tes for the NVT
t i l with environments. Previous studies from Chenu and Deihimfard [28], and Ababaei and
Chenu [39] pr vided a good fr mework to cat gorize Austr lian wheat-belt regions based on their
enviro mental charact ristics. Yield and environment information studies indicated clear differences
between environment typ s. Cumulative precipitation and simulated wa er-stress index reduced from
ET1 t ET4. Based on Chenu, Deihimfard [28] work, we were able o group the rials into seven ET .
We th added the ighth nvironmen to cover the high rainfall and high yi lding ites in Tasmania.
In comparison with the high rainfall zones (HRZ) of mainland Australia, Tasmania has higher rainfall
and a mild r climate with fewer ext eme hot and cold temperatures [45]. T ese con ition allow
average wheat yields of almost 9 t/ha in the ET0 of the NVT dataset. Accordingly, potential average
y eld of whe t in HRZ of Tasmania (ET0) is ~10 t/ha [45].
Some explanation is also needed for ET1, which does not follow the expected trend for yield
(Figure 1A and light blue points Figure 2A). Despite the higher rainfall and simulated water-stress
index in ET1 (Supplementary Table S1), its average grain yield was less than of ET1/2 (Figure 1A).
In this context, Ababaei and Chenu [39] showed lower simulated biom ss a yield in ET1 compared
to ET2 (Supplementary T ble S1). The lower yield of Western Australia’s high rainfall zone (ET1)
compared o South–Eastern (ET1/2) and Tasmanian (ET0) high rainfall regions was shown in previous
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studies [43,45]. Chenu, Deihimfard [28] categorized all ETs mainly based on the time and severity
of drought stress regardless of their yield potential. The low yield in ET1, 50% of yield potential,
might be due to the poor fertility of their cropping soils [42–44]. The shorter growing season of ET1
compared to other HRZ may also result in reduced yield [43]. A previous study on grain yield–GPC
relationship suggested the separate assessment of Western Australian sites from other regions for GPC
improvement in breeding programs [20]. The average yield of ET1 in this study was 3.3 t/ha, while the
yield in Western HRZ was 2.7 t/ha [43,44]. The slightly higher average yield of NVT compared to the
actual yield in Western HRZ can be due to the agronomic practices in NVT sites.
The higher average of GPC in ET3 compared to other environments (Figure 1B) might be due to
differences in the drought pattern. It has been previously shown that drought stress before the end of
grain filling increases GPC in wheat [46]. N uptake after anthesis, which increases N accumulation
into grains, depends on the availability of water and nitrogen [35,47,48]. NVT sites receive adequate N
fertilizer, therefore water availability may be the limiting factor of N uptake [24]. Relief from drought
stress during grain filling in ET3 may permit post-anthesis N uptake. In ET4, however, water stress
begins early in the season and intensifies towards the end of grain filling [28]. Consequently, pre and
post-anthesis N uptake may not be sufficient to maintain yield and GPC in ET4. The high trade-off
between yield and GPC (Figure 2B,D and Table 2) can be another reason for the lower GPC in ET4
compared to ET3. In ET0, on the other hand, the dilution effect of high grain yield might reduce GPC
in comparison with ET3.
There is the potential for a range of variables to affect yield and GPC data from the NVT trials,
including varieties, seasonal factors, level of replication, edaphic and disease pressures, and agronomic
practices. In order to assess the reliability of the ET effects on yield and GPC, six varieties were
examined and compared to the full dataset (Figures 4 and 5). The same varieties were used previously
to examine their responses to N application in a controlled environment where plant growth rates
were assessed [33]. In the previous study, it was found that the severity of stress, in that case the
stress was induced through N starvation, intensified the negative relationship between yield and GPC.
Grain protein content in wheat is strongly influenced by environment, and environmental factors have
a greater impact than genetics effect [49,50].
The agronomic management of the NVT system aims to reflect the optimum practices for all sites
and varies between sites. Consequently, N fertilizer may be applied at different rates between ETs.
This may add to the variability of yield and GPC both between and within ETs. Moreover, in this study
sites with similar first dominant ET were categorized together regardless of their second, third, or
fourth dominant ETs. Therefore, the high yield and GPC variation of individual ETs (Figures 1 and 2)
might come from inconsistencies in the ETs classification or different agronomic practices. For instance,
the second dominant ET of two ET2 sites, Birchip and Cummins, were ET4 and ET1/2, respectively.
Therefore, the average yield at Birchip was 3 t/ha, whereas, it was 4.9 t/ha for Cummins. However,
these comparisons are based on averages and only indicate trends.
The inverse relationship between yield and GPC was stronger in low than in high yielding ETs
(Figure 2A–I and Table 2). The NVT data show that a 1 t/ha increase in yield leads to an average GPC
loss of 0.45% and 1.63% in ET0 and ET4, respectively. Previous studies on wheat also found a stronger
negative relationship between yield and GPC under low N compared to high N supply [20,33,51].
The strong GPC-yield trade off under low N conditions can be due to a higher priority for the plants
to maintain grain number and weight than for grain protein accumulation. A study on wheat [33]
showed that under low N, high GPC varieties bred for low yielding environments sacrificed biomass
and, consequently, yield in order to reserve N for grain protein. Conversely, low GPC varieties selected
for high yielding regions used the available N primarily for biomass and yield regardless of grain N
concentration. Reducing biomass and yield in favor of GPC increase can be considered as a strategy
for plants to maintain GPC under stress. Under the stressed scenarios, fewer grains are produced but
with sufficient nutrient levels to support germination and plant establishment [52–54]. The steep slope
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of the yield–GPC relationship under stress suggests that simultaneous selection for high yield and
GPC will be more effective in low than in high yielding regions.
Until the 1930s, Australian wheat production was dominated by soft and low GPC genotypes.
However, since the 1960s the proportion of hard varieties with high GPC began to increase. Hard
and soft wheat varieties were segregated between the 1950s and 1970s in different Australian regions.
This led to the payment of premiums for high GPC hard wheats [50], and soft and feed varieties that
were high yielding but with low GPC stayed in irrigated and high rainfall regions [50,55,56]. Higher
GPC varieties, tended to be grown in dryer regions with lower yield potentials and the majority of
wheat produced in Australia is grown in low yielding regions [50,55,57]. Over the last decade, there
has been a significant increase in the premium price for high GPC wheat grains. Consequently, growers
and breeders have targeted high GPC varieties even though this results in a small yield penalty [21,22].
Corresponding to the work of Bogart et al., [15], this study also showed the relative robustness of
GPD across different environments. GPD corrects for the environmental effects on GPC and reveals
the genotypic differences more clearly. The large variation in GPC due to environmental effects were
reduced using GPD (Figure 4). The varieties Gazelle and QAL2000, which are considered as low GPC
soft varieties had the lowest GPD, while, Spitfire, Mace, and Impala, high GPC varieties, showed
higher average GPD. Therefore, GPD can be used as a potential target for selection in wheat breeding.
Our results (Figure 5 and Supplementary Data S2) confirmed a previous study on NVT data [21],
indicating the inverse relationship between yield and GPC in individual varieties. However, this
negative relationship was as small as a 1 t/ha increase in yield corresponded to the average GPC loss
of ~0.4%. Indeed, the negative relationship between yield and GPC could be managed by applying
suitable agronomic practices [9,51,58]. As mentioned above, the agronomic practices in NVT sites are
based on the optimum for that region. For instance, delaying the final fertilizer application to around
heading has been shown to increase GPC without yield penalty [15,59]. However, the success of this
approach depends on climate conditions, particularly, water availability after anthesis. In the absence
of sufficient water, the additional N is not beneficial and leads to multiple environmental consequences
such as underground water pollution and eutrophication.
In the NVT system, varieties are selected to suit the production environments. Therefore, varieties,
agronomic practices, and the number of sites and entries can vary between years, sites, and ETs.
This variability means that statistical tests need to be applied with caution. The unbalanced nature
of these trials can affect the validity of statistical tests, which often assume that varieties have been
allocated at random to trials. However, in the NVT system the variables such as varieties and
agronomical treatments (e.g., sowing date, fertilizer rate, chemical application, etc.) are not random
but systematically decided in each field site. For example, the variety list of each NVT site is selected
based on their suitability to the region [23]. If a variety does not produce acceptable yield or GPC
in a site, it will usually be eliminated from the list at that site. Such limitations lead to the sampling
process bias and, consequently, reduce the value of statistical assumptions. Accordingly, in this study,
comparisons between varieties and ETs were based on averages or medians and only indicate trends.
Showing the trends of values for different ETs and varieties indicates the potential of using such large
numbers of data for multi-environmental studies. However, these are unbalanced datasets and this
limits there value for detailed statistical analysis. A possible approach to analyze such unbalanced
data can be the method developed by Smith and Cullis [60]. In other words, this study presented a
useful dataset that others can examine further in more statistically rigorous ways to answer questions
about the relationship between yield and GPC. Applying one standard agronomic practice in all sites
could also improve the comprehensive multi-environmental analysis of NVT dataset in future.
5. Conclusions
While grain yield is of critical importance to wheat farmers, the protein content will influence the
value of the grain. The relationship between grain yield and protein content is complex and highly
dependent on the production environment but breeders have targeted both traits for selection in their
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breeding programs. Achieving significant genetic gain for both yield and protein is difficult, given the
large environmental and relatively small genetic component. Controlled environment studies have
been helpful in understanding the impact of stress on the yield/protein relationship [11,20,33] but these
results require validation through actual field trials. Here we have explored the option of exploiting
the extensive field trial data used to evaluate germplasm across a large number of environments.
Many countries run extensive variety evaluation trials, and these usually cover a large number of sites
and environments. However, the trials are not designed with a view for the detailed statistical analysis
required to explore the genotype × environment interactions that strongly influence the yield/protein
relationship. In this study, we have attempted this analysis by using the ETs, categorized in Chenu
and Deihimfard [28] and based on the time and intensity of drought stress, identified the potential for
robust analysis of the impact of drought on yield–GPC relationship. However, further improvements
in statistical approaches and NVT trials management may enhance the precision of the analysis.
The negative relationship between yield and GPC is more significant in low than in high yielding
environments. This conclusion is consistent with controlled environment studies [11,20,33] and
supports the view that GPC needs to be interpreted with a consideration of environmental factors
that may limit yield. Selecting wheat varieties in low yielding regions might be more effective for the
simultaneous increase of yield and GPC, and transferring varieties bred in low yielding environments
to high yielding regions might provide results better than the reverse.
GPD revealed the genetic differences across different ETs, and therefore can be considered as a
worthwhile potential target for breeders to improve both yield and GPC in wheat. Despite the genetic
differences between varieties, selecting suitable sites and agronomic practices can help wheat farmers
to achieve their targeted GPC [55,61,62]. For farmers, GPC loss with yield increase is best compensated
using suitable region and agronomic management. Breeders, on the other hand, can select for varieties
in environments where the impact of stress on GPC loss can be assessed.
ET3 regions might be suitable to grow high GPC varieties with reasonable yield while the high
rainfall regions of Tasmania and the South–East Australian mainland should remain focused on soft or
feed varieties with high yield but low GPC.
Supplementary Materials: The following are available online at http://www.mdpi.com/2073-4395/10/5/753/s1,
Figure S1: The site location map of all wheat NVT trials in a single year (2015). Green rectangles indicate
single wheat trials, and blue and purple circles show the clusters of <15 and ≥15 multi trials, respectively.
Figure S2: The 22 regions (colored and named in each box) and 60 sites used in Chenu and Deihimfard [28]
study across the Australian wheatbelt: the ‘West’ area (green colors); ‘South’ (blue); ‘South-east’ (purple); ‘East’
(orange). State abbreviations: QLD, Queensland; NSW, New South Wales; SA, South Australia; WA, Western
Australia. Figure obtained from New Phytologist (2013) 198: 801–820. Figure S3: Simulated water-stress index
for four environment types (ETs) identified in all regions combined across the Australian wheat-belt in Chenu,
Deihimfard [1] study. The stress index corresponds to the ratio of soil water supply to crop water demand and is
shown as a function of cumulative thermal time relative to flowering, from the emergence of crop to 450 degree
days (◦Cd), which is after flowering. Figure obtained from New Phytologist (2013) 198: 801–820. Figure S4: The
pie chart map of the frequencies of each environment type (ET) across the Australian wheat-belt. Chenu and
Deihimfard [28] simulated the data for the check variety ‘Hartog’ over 123 years of historical data for the 22 regions
of the wheat-belt (shown in Figure S2). The size of the pie charts is proportional to the wheat-planted area in the
associated region. The ETs are shown in Supplementary Figure S3. State abbreviations: QLD, Queensland; NSW,
New South Wales; SA, South Australia; WA, Western Australia. Figure obtained from New Phytologist (2013) 198:
801–820. Table S1: Simulated biomass and yield, cumulative precipitation (Cum-Rain), simulated water-stress
index (Mean-SWSI) and duration of each phase for four environment types (ETs). Cumulative precipitation,
simulated water-stress index and the number of days for each phase are shown from sowing (0) to anthesis (6)
and maturity (9). Simulated water-stress index is shown for Janz over the same periods [39] and for Hartog at
anthesis [28]. Historical records of 60 sites from 1889 to 2011 (Hartog) and from 1981 to 2018 (Janz) were used
to simulate the drought impact. Standard errors for mean-SWSI and duration of ETs were ~ zero. SE: standard
errors. Data S1: List of all NVT varieties across the Australian wheat-belt from 2008 to 2018. Data S2: The number
of available NVT data for each variety, R square and slope of grain yield–grain protein
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